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Goal Our Approach Evaluation

Animate the tongue and jaw from only speech signal to add
realism to facial animations.

We first estimate tongue landmark positions from speech through an auto-encoder model, and then Our method produces realistic tongue animations due to low error inner-mouth pose estimation.
solve for rig parameters frame by frame to animate a character.
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Our inner-mouth mocap dataset enables the training of data-driven models

Deep Learning audio representations outperform traditional methods for speech-animation
Simple-RNN based articulation decoders generalize across gender, age, and prosody
Limited lip animation due to the sparsity of the sensors
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